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Research Progress of Radiomics in the
Diagnosis of Pulmonary Nodules

LIU Yuting', LTU Aishi'"™
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Abstract: In recent years, with the continuous improvement of medical level, people pay more attention to their own health,
pulmonary nodules and other space-occupying lesions can be detected earlier, but on a global scale, the number of deaths
caused by malignant lung lesions Still rising and remaining high. Radiomics is an emerging field that aims to derive automated
quantitative imaging features from medical images to noninvasively predict nodular and tumor behavior. Compared with
traditional visual image features, radiomics can extract more nodular features with better reproducibility. The scientific and
systematic use of radiomics can not only prevent excessive medical behaviors and reduce the economic burden of patients, but
also enable patients with lung lesions to receive early treatment for the best prognosis.
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